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[2](AV Baseline) 8.46 2.27 0.843
[2](CMC loss) 885 239 0.854

Ours(AV baseline) 9.392 2.536 0.851

Ours(triplet) 9.623 2.545 0.855
Ours(adversarial) 9.982 2.584 0.861
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our contribution [1](Released) 7.023 13.708 9.546 2.569 0.792 6.471
1] R. Gao and K. Grauman. "VisualVoice: Audio-Visual Speech Separation with Cross-Modal Consistency". In CVPR 2021. [L](Our impl.) 7692 14317 10.195 2579 0.791 7.467

Ours(triplet) 8.178 14.692 10.38 2.6 0.793 7.676

2] N. Makishima, M. lhori, A. Takashima, T. Tanaka, S. Orihashi, and R. Masumura, “Audio-visual speech separation using cross- modal correspondence loss”. In ICASSP 2021. Ours(adversarial) 8949 16.012 10.79 2.687 0.811 8.477
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